Wind-hydrothermal power system dispatching has received intensive attention in recent years because it can help develop various reasonable plans to schedule the power generation efficiency. But future data such as wind power output and power load would not be accurately predicted and the nonlinear nature involved in the complex multiobjective scheduling model; therefore, to achieve accurate solution to such complex problem is a very difficult task. This paper presents an interval programming model with 2-step optimization algorithm to solve multiobjective dispatching. Initially, we represented the future data into interval numbers and simplified the object function to a linear programming problem to search the feasible and preliminary solutions to construct the Pareto set. Then the simulated annealing method was used to search the optimal solution of initial model. Thorough experimental results suggest that the proposed method performed reasonably well in terms of both operating efficiency and precision.
Introduction
Due to the increasingly serious energy and environmental problems, renewable energy has become an important research topic, and extensive work has been conducted to advance the technologies of power generation systems based on various renewable sources, such as solar energy, geothermal, biomass, fuel cell, and industrial waste heat [1] [2] [3] [4] . Wherein, wind power technology is one of the fastest growing and the most mature technologies in renewable energy. In the wind-hydrothermal power system, the purpose of the dispatching is to make a reasonable decision for power plant output based on the optimal scheduling goal and on the premise of system energy balance and operation constraint. In the research of power system optimization scheduling problem, two key problems should be solved: a proper optimization model and accurate and efficient solution to the model.
Firstly, in the aspect of establishing model, as the prediction for hydroplant runoff and wind power output and power load is inaccurate, deterministic model [5, 6] to simulate those uncertain data is irrational. So many scholars used stochastic programming [7] [8] [9] and fuzzy programming [10] [11] [12] [13] to draw up those uncertainty data. However, the membership functions in fuzzy programming model and precise probability distribution of random variables in the stochastic programming model are usually difficult to obtain accurately. Therefore, the above two kinds of modeling method are limited in practical applications.
For the past few years, another modeling method using interval programming [14] to describe the uncertainty number have been received attention. Interval programming makes the uncertainty number into interval number and only needs to determine their upper and lower boundaries. In practical applications, to derive the upper and lower boundaries of the uncertainty number is much easier than the probability distribution of random variables in the stochastic programming and the membership function in fuzzy programming. Random variable in the stochastic programming and fuzzy number in the fuzzy programming can be 2 The Scientific World Journal transformed into intervals through confidence level and assembly level, respectively [15, 16] . Therefore, the intervals become other very important and practical forms of uncertainty information and have been widely used in many fields such as economic profit maximization [17] , design of wind [18] , and design of automobile [19] . Interval model is also used to model the power system dispatching but only for the single-objective optimization [20] .
Secondly, in the other aspect, methods for solving the model have always been the hot spot in the current study. According to the type of the objective function, solving the optimization problem can be divided into two categories: linear and nonlinear. A series of methods represented by linear programming [21] can quickly and accurately solve the optimization problem, but they require very strict form of the objective function. So, these methods cannot directly solve the multiobjective model for power generation systems. Another kind of nonlinear algorithm such as gradient descent and Powell speedup search has obtained the good effect on the small-scale optimization problem. For large-scale nonlinear optimization problem, heuristic search algorithm has received more attention in recent years. Heuristic search algorithms such as various modified forms of genetic algorithms [22] , evolutionary programming [23, 24] , particle swarm optimization [13] , and simulated annealing [25] have the capability of global search. Although the searching does not get the accurate optimal solutions quickly, their search strategy can quickly draw near the optimal solution. Thus, this algorithm has been extensively used for many applications.
This paper proposed a method using the interval to describe the uncertain number in wind-hydrothermal power system. A multiobjective optimization scheduling decision model that contains interval number is established to assist real-time scheduling. In order to reduce the complexity of multiobjective model with interval parameters, a 2-step optimal method is established by utilizing the linear programming and simulated annealing.
The structure of the paper is organized as follows. In Section 2, uncertain information range simulation is introduced. In Section 3, a multiobjective scheduling model is developed based on interval simulation. In Section 4, solving method of interval multiobjective model is proposed. The experimental results are analyzed and discussed in Section 5. Some conclusions and further studies are discussed and generalized in Section 6.
Interval Simulation of Uncertainty Information
If the upper and lower bounds of an uncertainty variable are known, we can use an interval number as shown in (1) to describe the uncertainty variables:
where and are upper and lower limits of , respectively. If is equal to , becomes a certainty number as shown in
In the wind-hydrothermal power system, it is necessary to predict hydroplant runoff, wind power output, and power load. Influenced by prediction accuracy, deterministic predicting results often deviate from the actual value. Therefore, deterministic model would fail to meet the needs of the reasonable modeling. The result described by interval number reflects the uncertainty of results more objectively than the deterministic number and this method has usually been applied in the prediction field [26] .
In the scheduling period, hydroplant runoff, wind power output, and power load can be simulated by interval number as follows:
where is the forecast value of power load at time , is the forecast value of wind power output at time , and is the forecast value of hydroplant runoff at time .
Deterministic model will generally produce the same solutions from a given initial condition. In actual operation, in order to deal with the deviation of wind power prediction output and the load prediction results, power system dispatching departments must adjust deterministic solving result from deterministic model in real time so as to ensure safe and stable operation of the power system. So it is unreasonable to model the output of a power plant in the system by deterministic number. In this paper, we simulate the output of a power plant by interval number as it is shown in the following function:
where is the output value of hydroplant at time , is the output value of thermal plant at time , and is the output value of wind plant at time .
Multiobjective Model Based on
Interval Simulation
Multiobjective Function Based on Interval Simulation.
The wind-hydrothermal power system is simulated by a deterministic multiobjective model. 1 is the system cost to purchase power, 2 is the coal consumption of thermal plant, of pollution gas of thermal plant, and 5 is the abandon value of wind plant:
Through interval simulation of uncertain value, function (5) can be changed into function (6):
where , , and are the numbers of wind plant, hydroplant, and thermal plant, respectively.
is the price of hydroelectricity at time .
is the price of thermal electricity at time .
is the price of wind electricity at time .
, + represents the relation of quadratic function between coal consumption and thermal-plant output. , , are coefficients of quadratic function. , , are coefficients of quadratic function between emissions of pollution gas of thermal plant and output of thermal plant. , is the output of thermal plant at time . , is the output of hydroplant at time .
, is the output of wind plant at time . is the water flow used to generate electric at time . is generation efficiency of hydroplant.
is the net waterhead of hydroplant.
Constraint Condition of Electrical Power System
(i) Constraint of Load Balancing. Excluding the depletion of electric network, the load balance function is shown as in
Through interval simulation of uncertain value, (7) can be derived into (8):
(ii) Constraint of Reservoir Capacity of Hydroplant. Consider
where is the lower limit value of reservoir capacity. is the upper limit value of reservoir capacity. is the reservoir capacity of hydroplant at time .
(iii) Constraint of Water Flow Which Is Used to Generate
Electricity. Consider
where is the minimum flow of hydroelectric generation set. is the maximum flow of hydroelectric generation set. is the water flow which is used to generate electricity at time .
(iv) Recurrence Relation of Water Amount of Hydroplant. Consider
where is the value of hydroplant runoff at time .
(v) Constraints of Output of Hydroplant and Thermal Plant. Consider
(vi) Constraint of Climbing Ability of Thermal Power Generating Unit. Consider
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(vii) Water and Electricity Transformation Relationship. Consider
is the net waterhead of hydroplant:
is the relationship between upper pool elevation and capacity of reservoir. ℎ 2 (⋅) is the relationship between lower pool elevation and water flow:
(viii) Constraint of Spinning Reserve. The interval simulation shows that the output of power plant contains spinning reserve. So the constraint of spinning reserve is not taken into account in this model.
(ix) Constraint of Power Balance of Nodes. Consider
is the number of nodes. is voltage amplitude of the th node. is the phase angle of the th nodes. and are amplitude and phase angle of transfer admittance from the th node to the th node:
, is the active power of electric generator at the th node.
, is active power of load at the th node.
, is wattless power of electric generator at th node. , is wattless power of load at the th node. 
(xi) Constraint of Active Power and Wattless Power at Nodes. Consider
(xii) Constraint of Phase Difference between Nodes. Consider
Superiority of interval model is as follows: output of the unit plan and standby output are established in one model. They meet the power system constraints, so it can avoid invalid standby that is checked by the power system constraints. Objective function values calculated through interval algorithm are interval numbers. Interval number reflects the uncertainty of empirical function values that are due to uncertainty of power plant output. An interval number quantizes uncertainty of quantitative function values. Thus, the foundation for the scheduling is established.
Solving Method of Interval Multiobjective Model
The existing heuristic search algorithm that solves multiobjective model is based on the Pareto-dominant relationship to compare the performance of different solutions. The gist of Pareto dominant is the objective function value of solutions. Compared to the deterministic value of traditional model, the objective function value, which is calculated by the model of this paper, is an interval number. So we use interval number dominant relationship to compare the performance of different solutions. In order to further develop an efficient and precise method for solving the Pareto solution set, we use improved simulated annealing that adds the idea of NSGA-II [27] and linear program to solve the model. The interval algorithms, interval dominant relationship, and interval crowded degree are defined in the following sections. 
Interval Dominant Relationship.
At present, there are many ranking methods of interval numbers [28] . We use interval dominant credibility to rank interval numbers [14] .
Definition 1. For the two interval numbers [ , ] and [ , ]
, and are lower bounds of interval number. and are upper bounds of interval number. − and − are width of interval number. is interval dominant credibility; we defined as follows:
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Interval Crowded Degree.
Crowding distance among the interval numbers with the same order value needs to be compared. So these solutions can have a good distribution, diversity, and ductility [29] .
Definition 2. For the two interval numbers [ , ] and [ , ]
, and are lower bounds of interval number. and are upper bounds of interval number. The distance of the interval number is defined as follows:
The 2-
Step Optimization. Due to the complexity of the multiobjective problem, the method using directly simulated annealing algorithm to solve the problem will lead to the quite different results because of different initial solutions. In addition, the variables exist in a complex, high-dimensional, and nonlinear space, and this causes serious difficulty to solve the problem precisely. In order to solve the problem, a 2-step method is proposed in this paper. Firstly, the nonlinear objective function is simplified into a rectilinear objective function, as shown in
Constraint condition include load balancing, power plant output, and so forth.
After getting the feasible result of linear programming, we order that Pareto solution set is equal to this approximate solution. Then we use simulated annealing algorithm to solve the problem precisely. Process of simulated annealing algorithm to solve the problem in this paper is listed in details as follows.
Step 1: to initialize the parameters of simulated annealing algorithm, initial temperature , temperature attenuation coefficient , and so forth.
Step 2: generate the Pareto solution sets by repeatedly solving linear programming problems and calculate the objective function value of solution.
Step 3: construct roulette with 0-1 range of Pareto set.
Step 4: bet a solution from the roulette according to the probability and randomly disturb it.
Step 5: replace and rank if the new solution is better than the original one or satisfies the Metropolis criterion. Otherwise, the solution is abandoned.
Step 6: update the parameter = ⋅ . Step 7: terminate the algorithm if no further better results are achieved after certain iterations. Finally, output optimal solution and sort the Pareto solution set.
In order to further clearly express the 2-step optimization algorithm, we illustrated the flowchart as shown in Figure 1 .
Experiment
We choose a power system with five thermal power plants, five hydropower stations, and a large wind farm in a province of China as an example to perform our experiment. Scheduling period is 24 hours, divided into 24 sessions, all the basic parameters of the thermal power plants are shown in Table 1 and the basic parameters of hydropower are shown in Table 2 .
The predicted output ranges of the wind power plant at each time are shown in Figure 2 ; Figure 3 shows the prediction of load interval value. The Scientific World Journal In order to briefly show the effectiveness of our method, the runoffs of five hydropower plants are set at the same predicted internal value, as shown in Figure 4 .
In the experiment, all of wind power output is received by the system. Hydroelectricity price is 0.25 RMB kW/h. Thermal power electricity price is 0.33 RMB kw/h. Wind power electricity price is 0.45 RMB kw/h. Interval dominant credibility is greater than 0.5. Initial parameters of simulated annealing are set as follows:
= 2, = 0.98, = 2, = 100. (These parameters are got through running ten times our experiment.) Consider 1 , 2 , and 3 ; the Pareto cube of the three targets is shown in Figure 5 .
Considering 1 , 2 , 3 , and 4 , we get the optimal Pareto set. By selecting one of the Pareto sets, the optimal solution of hydropower plant 1 is shown in Figure 6 and the output power The Scientific World Journal 7 is shown in Figure 7 . Table 3 shows the optimal output range of all power plants. Obviously, the trends of the two figures should be the same, and these also denote the accuracy of our model. The average computational time for the problem is around 50 ms per iteration for the interval programming. In fact, we hardly get the results that satisfy the constraints if we simply use the simulated annealing algorithm without any strategy. In particular, the time complexity of nonlinear programming is presented with the increase in exponential growth trend. After the optimal output range of each power plant in the every scheduling time was obtained, real-time scheduling only needed to consider the constraint of output range, load balancing, and the scheduling goal because the output range was satisfied with the all constraint of power system. Thus, the real-time scheduling model is simplified and convenient for real-time solution. The solution of real-time scheduling can satisfy the optimal decision in scheduling period because the output range of each power plant is the optimal decision in interval model.
Conclusion
In this paper, we presented an interval program model for wind power scheduling system. The model utilizing the interval theory is able to reasonably simulate the problem of wind-hydrothermal power system dispatching. The 2-step optimization method can solve the complex models efficiently. Experimental results showed that our method has a high precision and speed. Therefore, it is suitable to solve large-scale interval programming model. Further work will focus on the following: (i) combined model including probability and interval should be established and (ii) the solving method should be further improved. How to search the new solutions based on the Pareto set to enhance the performance of our approach will be a further study.
